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Results and Conclusions

Error type in 
meters

Error removed by 𝜶
balance

Error removed by 
fixed 𝜶

Difference

Median error 5.8883 4.4228 1.4655

Mean error 5.6866 4.6615 1.0251

Max error 61.7337 55.0582 6.6755

The difference in decisions between fixed and balance 𝜶

Difference in error between fixed and balanced 𝛼

Partials Rényi observation for identification

(a). Residuals for fixed alpha

(b). Residuals for balanced alpha
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-Rényi criterion for decision making

Adaptive Diagnosis Based on Parametric Residual
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