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Abstract 

PTML is a combination of Machine Learning (ML) and Perturbation Theory (PT) that allows to create 

prediction models in many areas of knowledge mainly in Medicinal Chemistry to handle large amounts 

of data representing physical and chemical properties of different organisms and biological systems 

under different input conditions. PTML allows to establish dispersion measurements on descriptors of 

physicochemical properties of different organisms with high values of sensitivity, specificity and 

accuracy higher than 70%. 
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García-Mera, X.; González-Díaz, H. Perturbation Theory/Machine Learning Model of ChEMBL 

Data for Dopamine Targets: Docking, Synthesis, and Assay of New l-Prolyl-l-leucyl-glycinamide 

Peptidomimetics. ACS Chem. Neurosci., 2018, 9(11), 2572-2587. 

http://dx.doi.org/10.1021/acschemneuro.8b00083 PMID: 29791132  

3. Blazquez-Barbadillo, C.; Aranzamendi, E.; Coya, E.; Lete, E.; Sotomayor, N.; Gonzalez-Diaz, H. 

Perturbation theory model of reactivity and enantioselectivity of palladium-catalyzed Heck-Heck 

cascade reactions. RSC Advances, 2016, 6, 38602-38610. http://dx.doi.org/10.1039/C6RA08751E  

4. Bernabe Ortega-Tenezaca, V.Q-T.; González-Díaz, H. In FRAMA 1.0: Framework for moving 

average operators’ calculation in data analysis. Proceedings of MOL2NET, International 

Conference Series on Multidisciplinary Sciences; MDPI Sciforum, Basel, Switzerland 2017, p. 3. 

5. Nocedo-Mena, D.; Cornelio, C.; Camacho-Corona, M.D.R.; Garza- González, E.; Waksman de 
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