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Abstract.   

Today, studies are performed from a dataset spanning multiple preclinical assays and different 
experimental conditions for sarcomas. PTML is a tool that combines Machine Learning (ML) algorithms 
and Perturbation Theory (PT) principles. With PTML, ML techniques can be used to predict antisarcoma 
compounds. At the same time, different PT techniques can be applied. One of the most widely used ML 
techniques is the neural network which showed high accuracy for both training and model validation. It 
is important to emphasize that the production of the most optimal model would save resources in the 
pharmaceutical industries. In a recent paper Cabrera et al. reported a new model for prediction of anti-
sarcoma compounds. The model is very interesting because it can predict the biological activity vs 
multiple proteins, etc. The authors also explored multiple molecular descriptors of drugs as well as many 
assay conditions like protein target, cell line, etc. There are some suggestions we can make to improve 
future versions of this paper. For instance, the authors could calculate also sequence descriptor of target 
proteins to predict the results for new mutants. On my opinion, it could be very interesting developing a 
user-friendly software for use of non-expert medicinal chemists. This software could be a desktop or 
online server application increasing the use of the model worldwide. Another interesting step could be 
the fusion of the present pre-clinical data with clinical data including variables of patients or population 
groups. In all case, the paper is very interesting an opens new gates to the authors for future works 
including new features to the design of antisarcoma compounds. 
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