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of the manufacturing process at a —r " |n actual aproaches, the optimisation models are in general analitical and the evaluation of
certain decision level. - the results is direct.

— = Here optimization means the assurance of the optimum in each stage of a manufacturing

The efficiency of the method was modeling process. This purpose can be reached by optimization of the decision flow, which helps to

validated through a case study for the P, parameters control the manufacturing process. The optimization target should be cosidered as reference,

manufacturing processes of some while the decission means a control variable.

bearing components. A real database = The application of proposed method shows good results in the case of the database

extracted  from  the  industrial S— generated with data from the industrial field.

environment was used. T = The usage of a Matlab modeling application could help companies to reduce the time spent
Figure 3. Comparative assessment algorithm on discussion ,make or buy” type, by considering past experience and results.
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The simulation of the grinding phase’s correlation with the timespan was developed in order to
identify the most suitable set of causal-variables with the most important impact on the
timespan.

1. Process identification

= Cause-variables: the outer diameter of the ring, D,, the inner diameter of the ring, D, the
width of the ring, /, the weight of the ring, g, the machined surface roughness, R, the cutting
speed, v, the feedrate, f, the grinding stone rotation speed, v,, the cutting depth, t.

= Effect-variable: Timespan, Ts [min].
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