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INTRODUCTION & AIM
leaming-based predictive systems (PS) infer target THE VICIOUS CYCLE OF TECHNICISM

* Machir
behaviors of individuals using proxy data embedded in causal
reltionships learned from training data.
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create a “privacy curtain” that deviates data from authenticity.

RESULTS & DISCUSSION

* Our aim is to examine how infrastructural privacy conflicts with Increasing technical
causal mhnna increases the predictive gap, and leads to ‘complexity doepens.
in intelligent automation. the gap and traps us

inan“iron anion age of

THE INFERENCE PIPELINE
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ictive Gap A. Differential Privacy B. Synthetic Data Paradigm
Transition from multi-probability inference
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‘grows under infrastructural privacy.

REAL-WORLD EXAMPLES * No generator simultaneously optimizes
iy, privacy, and famess.
A. American Supermarkets B. Terrorism Identification 3
Used purchase data to identify USS. “Skynet” project analyzed oy
 metadata
- IMPLICATIONS: FROM PREDICTIVE GAP TO SYSTEMATIC BIAS

Privicy concamt. Infrastructural Increased b Ineligent Systematic
METHOD a Privacy » Predictive Gap "Q ‘3. Bias.

LITERATURE REVIEW APPROACH

(m’-znm using keywords: “Machine Lm m»«m “Privacy”. (¢:9, healthcare, law enforcement, justice, finance).
21 sources were analyzed.
CONCLUSION
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DISCUSSION: VALUE CONFLICT PERSPECTIVE

Predictive privacy.
Big data & challenges
Syrthete data generstion

Model Accuracy
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a2 & ‘applied in inteligent automation.
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